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» MMRM (Mixed Models for Repeated Measures)
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» MI (Multiple Imputation)

B ZEEHEETL, MRROTLT—SITHLTCEYGRITE
KT SHE.

» WGEE (weighted Generalized Estimating Equation)
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Mixed Models for Repeated
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I Multiple Imputation (MI)
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Multiple Imputation M #t#& (Rubin, 1987)
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I Multiple Imputation D #t#& (Rubin, 1987)
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